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ABSTRACT 

The process of recruitment has been undergoing a 

significant transformation, evolving from traditional 

resume-based hiring to AI-driven, skill-based assessments 

and decisions, facilitated by Corporate Talent Acquisition 

Platforms (CTAPs) [1]. Unlike conventional keyword-based 

filtering, modern hiring platforms incorporate behavioral 

analysis, work samples, and real-time assessments to 

evaluate candidates more effectively [2]. Moreover, 

predictive employment forecasting is being leveraged to 

anticipate workforce demands, thereby reducing the 

pressure of last-minute hiring decisions [3]. 

Another key development is the increasing focus on 

candidate experience, incorporating AI-driven career 

coaching and personalized job recommendations to 

enhance engagement [4]. Employers are also striving for 

greater transparency and inclusivity in automated decision-

making, addressing concerns around AI bias and ethical 

hiring practices [5]. CTAPs are no longer just recruitment 

tools but are actively shaping the future of work by 

introducing agility, efficiency, and diversity into corporate 

hiring [6]. 

This study further implemented security and access control 

solutions using Spring Security and JWT authentication, 

ensuring robust protection of user data. Additionally, 

Docker and Kubernetes were utilized for enterprise-grade 

scalable cloud deployment. Findings from the research 

indicate that the Java-based talent acquisition platform 

significantly reduces hiring time, improves candidate 

selection accuracy, and enhances user experience for both 

recruiters and job seekers. The study contributes to the 

growing field of digital recruitment, demonstrating the 

effectiveness of full-stack Java in building scalable and 

efficient hiring platforms. 
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I. INTRODUCTION 

Organizations have been facing challenges in finding the 

right people for a long time; however, fast-changing 

technology and workforce demands make it possible for 

organizations to re-evaluate how they conduct their hiring. 

The contemporary talent acquisition is powered by 

technology: the days of hiring managers sifting through piles 

of resumes are over. CTAPs have become a highly influential 

instrument in helping speed up recruitment, increase 

productivity, and improve the overall hiring experience [1]; 

one of the more pronounced shifts in recruitment today is 

away from traditional resume-based screening. Instead, 

employers are giving more weight to skills, practical 

problem-solving, and behavioral insights, rather than 

previous positions held and educational qualifications [2]. 

Many firms are also adopting AI-based assessments, real-

time talent evaluations, and interactive experiences for 

candidates to find the best fit for a position [3].Performance 

analytics is another big innovation; it allows organizations to 

anticipate hiring needs instead of having them become 

urgent. Instead of reacting to gaps in staffing, human 

resources can use AI-enabled forecasting tools to predict 

personnel needs, alleviate hiring bottlenecks, and create a 

continuous talent pipeline [4].Given the rapid advance in 

digital transformation combined with the growing skills 

shortages across a number of industries, this turn is critical 

[5].One would wonder, however: what are the advantages 

from this state of affairs? Is it the increase in the percentage 

of tech and skills that translate into algorithmic biases, or is 

it the growth of transparency and data privacy would be of 

possible concern? Companies are working to create a level 

playing field for technology and human judgment to foster 

ethical and equitable hiring [6].The study looks into how 

corporate talent acquisition platforms are changing in the 

context of digital human resources management. It further 

investigates how organizations utilize technology to drive 

efficiency, candidate experience, and build diverse and 

future-ready teams while addressing AI hiring's ethical and 

operational concerns. 

II. RELATED WORK  

As technology plays a bigger part in hiring, research on 

Corporate Talent Acquisition Platforms (CTAPs) has grown 

dramatically during the last ten years. Numerous studies 

have examined the ways in which data-driven decision-

making, machine learning, and artificial intelligence are 

changing the recruiting process. Key developments in the 

subject are reviewed in this part, with an emphasis on new 

developments, difficulties, and research shortages. 

1. AI and automation in talent acquisition the efficiency of 

machine-learning and automation in talent acquisition 

systems has attracted considerable research. There have 

been a growing number of studies focusing on how 

machine-learning algorithms move beyond credential 

evaluation to assess professional skilling and behavior 

traits to better match applicants to job descriptions for 

high similar jobs [7]. According to Upadhyay and 

Khandelwal, AI-oriented recruitment significantly 

enhances the selection of candidates through evaluation 

on skills beyond traditional credentials [7]. 

2. In addition, LinkedIn's Global Talent Trends Report 

(2022) shows that over 67% of recruiters employ AI-

oriented tools to automate tedious processes such as 
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resume screening and interview scheduling [8].Yet, 

algorithmic bias continues to be a source of concern. 

According to Langer et al., bad-training AI models may 

bolster rather than eliminate hiring bias; for this reason, 

ethically constructed AI is needed to facilitate equitable 

hiring [9]. This calls for transparent, well-tuned AI that 

assures fairness in automated hiring determinations 

closed [5].Predictive hiring and workforce analytics 

Meanwhile, there are active works of research studying 

predictive analytics for forecast back anticipated hiring 

needs. 

3. The studies show that organizations which have moved 

towards data-driven hiring models have seen their 

hiring cycles improve anywhere from 30 to 50 percent, 

with attendant reductions in employee turnover 

[10].This finding corresponds to industry reports issued 

by Gartner in 2023, which come about to underscore the 

real-time necessity for AI analytics-based workforce 

planning [11].Nevertheless, the paper by Marler and 

Fisher (2019) discusses that while predictive hiring 

models contribute positively to the decision-making 

process, their effectiveness is largely dependent on the 

quality of the underlying data and on HR skills. Many 

companies are still facing the challenges of disconnected 

information sources, which greatly restricts the 

precision of all workforce projections [12]. 

4. Modern recruiting has much more than efficiency; it 

places importance on candidate engagement and 

candidate experience. Kaur (2021) found candidate 

engagement to increase up to 40% when AI-driven 

recruitment platforms integrated chatbots, real-time job 

recommendations, and gamified assessments 

[13].Companies like Google and Unilever have 

successfully adopted AI-powered hiring and have given 

instant feedback alongside career recommendations to 

candidates.  

III. DATA AND SOURECS OF DATA  

To guarantee a comprehensive and precise analysis of the AI-

powered Corporate Talent Acquisition Platform, this 

research considers primary and secondary data sources. The 

data collection structure aims to encompass real-world 

hiring trends, recruiter experience, and candidate interaction 

with AI-driven recruitment technologies. 

1. Primary Data Sources  

The primary data was collected by directly engaging with HR 

professionals, recruiters, and job seekers to assess how 

effective the platform would be and the areas needed for 

improvement. The sources of the data included: Corporate 

HR portals and job listings: Real-life hiring data was collected 

from corporate HR portals and job listings based on the job 

description and required skills, among others. 

The analysis revealed company recruitment processes and 

their use of AI for hiring [8].Surveys and interviews with 

recruiters: Structured surveys and qualitative data 

interviews were conducted among 50 HR professionals and 

recruiters. While the qualitative data obtained gives an 

insight into AI’s role in the screening of resumes, matching of 

candidates to jobs, and scheduling of interviews, quantitative 

feedback on AI efficiency, accuracy, and limitations is very 

crucial in assessing the recruitment platform performance 

[2], [7]. 

Candidate Feedback and User Testing: Around 200 job 

seekers were surveyed on their experiences with AI 

recruitment according to job recommendations accuracy, 

fairness in AI shortlist, and usability of AI-assisted hiring 

tools. Input from the candidates highlighted challenges and 

opportunities for a fair and transparent AI hiring process 

[14]. 

2. Secondary Data Sources 

The data used in this study were sourced from credible 

resources, including academic research, industry reports, 

and publicly available datasets. The objective was to ensure 

that the system is built on well-established principles in 

human resource management and artificial intelligence (AI). 

The study incorporated the following sources: 

A. Academic Research Papers & Publications: Insights 

were drawn from peer-reviewed research on AI 

applications in recruitment, NLP-based resume parsing, 

and bias mitigation strategies in hiring. Studies such as 

those by Liem et al. (2018) and Mehrabi et al. (2021) 

explored AI-driven psychometric assessments and the 

implications of algorithmic bias in hiring decisions 

[4][5]. 

B. Industry Reports & Market Analyses: Reports from 

Gartner (2023), Deloitte (2021), and McKinsey provided 

an understanding of global hiring trends, challenges in 

digital recruitment, and the impact of HR automation 

with AI [1][11]. These reports also examined case 

studies from companies implementing AI-powered 

corporate talent acquisition platforms (CTAPs). 

Open-Source Datasets: Publicly available datasets from 

Kaggle and the LinkedIn Public API were used to train 

machine learning (ML) models for resume parsing, job 

matching, and AI-based candidate ranking. These datasets 

provided real-world text-based hiring patterns, allowing for 

algorithmic improvements in AI-driven recruitment 

processes [8]. 

HR Case Studies & Best Practices: Real-world HR case studies 

were analysed to evaluate the effects of AI-driven hiring 

models on diversity, efficiency, and fairness in recruitment. 

Studies such as those by Kaur (2021) and PwC (2022) 

highlighted the improvements AI-driven platforms have 

made in candidate engagement and hiring speed [13][14]. 

IV. RESEARCH AND METHODOLOGY  

The strength of this research lies in the systematic design 

and evaluation of an AI-powered Corporate Talent 

Acquisition Platform (CTAP) using full-stack Java 

technologies. The methodology comprises four primary 

phases: 

1. Requirement Analysis and System Design – Identifies 

challenges with traditional hiring and defines the 

structure of the AI-enhanced recruitment system. 

2. Development and Implementation – Involves creating 

a full-stack Java-based application integrating AI-

powered resume screening, job-matching algorithms, 

and automated interview scheduling [7]. 

3. Testing and Evaluation – The system is tested for 

performance, focusing on speed, accuracy, HR 

satisfaction, and candidate experience [1]. 

4. Feedback Optimization – Feedback from HR 

professionals and job seekers is analysed to fine-tune AI 
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models, enhance user engagement, and improve system 

performance [13]. 

To ensure accuracy and effectiveness, this study integrates 

both primary and secondary data sources: 

Primary Data: Real hiring data was extracted from HR 

portals, covering job postings, resumes, and interview 

records. Additionally, 50 HR professionals participated in 

surveys to evaluate the AI system's ranking of candidates. 

200 job seekers provided feedback regarding AI-based job 

recommendations and interview scheduling experiences [8]. 

Secondary Data: Collected from academic research papers, 

industry reports, and open-source resume  

Datasets, ensuring a well-rounded dataset for AI model 

development [5][11]. 

The platform is built using full-stack Java architecture with 

AI and cloud technologies to enable automated recruitment 

processes. 

Backend: Developed using Java Spring Boot, managing job 

postings, applications, and AI-driven candidate ranking [2]. 

Database: MySQL is utilized to securely store candidate 

profiles, job descriptions, and other sensitive recruitment 

data [4]. 

 
Fig 1: Job-matching or recommendation system 

This diagram represents a job-matching or recommendation system, where a query (such as a job search or candidate search) 

goes through multiple stages before presenting the best results to the user. Here's a simplified explanation: 

1. Query Input: 

 A user enters a query, such as searching for a job or a candidate. 

2. Candidates Index: 

 The system has a large database (millions of records) containing job posts, resumes, and other relevant data. 

3. Candidates Retrieval: 

 The first filtering stage selects a smaller subset of relevant candidates (hundreds of results). 

 This process is embedding-based, meaning it uses machine learning techniques to find similar matches based on text and 

context. 

4. Reranking: 

 The second filtering stage ranks the most relevant results (reducing them to tens). 

 This is feature-based, meaning it considers factors like job title, location, skills, and other attributes to improve ranking. 

5. Final Output: 

 The top-ranked results are displayed in the user interface, helping the user find the best matches. 

V. RESULTS AND DISCUSSION  

The implementation of the Java-based Corporate Talent Acquisition Platform (CTAP) significantly enhanced recruitment 

efficiency, decision-making, and candidate experience. The system was tested over a period of three months, and the results 

demonstrated notable improvements in hiring processes: 

 Hiring time decreased by 42%, reducing the overall recruitment cycle. 

 Candidate shortlisting time dropped from 10 hours to just 2 hours due to AI-powered automation [7]. 

 The resume parsing module achieved 92% accuracy, ensuring efficient extraction of relevant candidate information. 

 The AI-driven screening mechanism matched candidates to job requirements with 89% accuracy, improving overall job-

candidate alignment. 

 The bias mitigation mechanism flagged 8% of hiring decisions for potential bias, enhancing fairness in recruitment [5]. 

Recruiters reported positive experiences with the AI-assisted hiring process: 

 85% of recruiters found that AI-based hiring facilitated a more diverse talent pool due to faster application processing [1]. 

 73% preferred AI-based candidate recommendations over traditional recruitment methods, citing improved accuracy and 
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efficiency. 

 However, AI exhibited a bias toward well-structured resumes, potentially disadvantaging candidates with non-traditional 

CV formats [6]. 

 64% of recruiters acknowledged that, despite AI automation, human oversight remained necessary in final hiring 

decisions. 

From the candidate’s perspective: 

 67% appreciated AI-generated job recommendations, finding them relevant and aligned with their skills. 

 58% preferred automated interview scheduling over traditional email-based coordination, highlighting the convenience of 

AI-driven scheduling [13]. 

Despite these advancements, challenges remain, particularly regarding AI bias in resume parsing and the need for hybrid AI-

human decision-making models. These findings emphasize the necessity for continuous AI model improvements to ensure 

fairness, transparency, and adaptability in recruitment technology [4]. 

Table 1: Recruitment Performance: Pre- and Post-AI Integration 

Metric Before AI Integration After AI Integration Improvement 

Average Time to Hire 35 days 20 days 42% Faster 

Candidate Shortlisting Time 10 hours 2 hours 80% Reduction 

Resume Parsing Accuracy N/A 92 % New Feature 

Interview Scheduling Errors 20% 5% 75% Reduction 

However, 42% expressed concern about lack of transparency in AI decision making. Despite these challenges, the AI-manual 

hiring demonstrated a clear advantage on traditional recruitment methods, including rapid processing, personal candidate-

revolving and data-operated decisions. 

Nevertheless, some limitations remain. Possible prejudices in the AI algorithm require continuous monitoring and fine-tuning, 

and some candidates prefer human contact aspects of traditional recruitment. Additionally, data privacy is a matter of concern, 

requiring strong safety measures to protect the information of sensitive candidates. Moving forward, future improvement AI 

will focus on increasing impartiality, increasing transparency in decision making (persuadable AI), improvement in NLP-based 

resume passing, and extending integration with external job platforms. 

Finally, the findings suggest that AI-managed corporate talent acquisition can significantly increase the recruitment efficiency, 

allowing them to be ranked rapidly and more accurately. However, it is important to address AI fairness, transparency, and 

recruiter adaptability in corporate recruitment processes. 

VI. CONCLUSION  

In general, all the stakeholders were very much instrumental 

in developing and informing research on AI-powered 

Corporate Talent Acquisition Platforms. Mentorship, 

professors, and faculty members have given great insight and 

guidance in forming our understanding of human resource 

management, artificial intelligence, and software 

development, respectively, which helped us in our research 

direction. Meanwhile, HR professionals, recruiters, and 

corporate hiring managers have provided important 

feedback on the real-world application of AI-driven 

recruitment to evaluate the effectiveness of this tool in the 

end-to-end hiring processes. Equally, those candidates and 

job seekers who took part in usability testing gave insights 

on how AI-based job recommendations, automated interview 

scheduling, and resume parsing would work from a firsthand 

perspective. Their views were also instrumental in the 

assurance that the platform would enhance the candidate 

experience in equal measure with regard to the fairness and 

efficiency with which recruitment decisions would be made. 

This work was further bolstered by previous academic 

research, industry reports, and publicly available datasets, all 

of which provided the necessary foundation for the present 

study. The contributions from all sides helped us reach a 

more substantial understanding of AI's function in 

contemporary recruitment and underlined its future 

potential to reform corporate hiring while signaling the need 

for further developments in fairness, precision, and user 

experience. 
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